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TASK 1:  

refine the results of automatic speech recognition (ASR)

transcriptions of oral utterances

better reflect the actually spoken phrases

simple sequence of words, without capitalization, digits,

punctuation, symbols nor abbreviations

not a global solution



n-best1-bestreference lattice output

Clarin-PL
studio
corpus

Polish
Parliament

corpus

CORPORA

TRAINING FILES



OpenNMT-APE

open source

transfer learning (BERT pre-trained model)

BERT as both encoder & decoder in seq2seq

POST-EDITING
SYSTEM



TRAINING PARAMETERS

Validation steps: 1000

Checkpoint: 30 

Warmup steps: 5000

Learning rate: 0.00005 

Average decay: 0.0001

Source sequence length: 200

Target sequence length: 200

Train steps and start decay steps

adjusted per each experiment: 1 k, 10 k,

20 k, 40 k & 50 k



TRAINING PARAMETERS

Self-attention shared between encoder and

decoder

Context attention & self-attention - the same

weights

Dropout rate: 0.1

Label soothing: 0.1



PRE-PROCESSING

12 self-attention layers

12 attention heads

RNN & word vector size of 768

feed-forward inner layer of 3072

Dimensionality configured: 

TRAINING

5 experiments with Clarin-PL corpus &

2 experiments with joint Clarin-PL and

parliament corpora

EVALUATION

Word Error Rate

NIST SCLITE (Score lite) package

TRANSLATION

Application of trained APE to test data.

2 additional stages: clean-up of missing

lines and reprocessing of missed lines



BEST SCORE

Clarin-PL dataset - optimal result with 20

thousand iterations - 31.8% WER & 9.9%

changes to the original

In case of Clarin_Sejm dataset, higher

number of iterations improved the result.
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FINAL OBSERVATIONS

With the use of open source APE system, the

optimal score of 31.8% WER was achieved.

It falls behind the average word error rate of

the ASR system (27.6% WER).

NOVELTY

Application of encoder-decoder

architecture with BERT language model.
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